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ABSTRACT: Modern corporate environments rely on complex, cloud-native infrastructures where localized
information delays can compromise competitive advantage. This paper introduces an optimized, multi-layered
architectural model for Decision Support Systems (DSS) embedded within Enterprise Intelligent Cloud Platforms,
coordinated through advanced Application Programming Interface (API) management layers. Traditional enterprise
decision engines frequently operate on rigid, retrospective batch processing, failing to proactively respond to erratic
demand spikes, localized service degradations, and backend hardware faults. By synthesizing real-time predictive
analytics with elastic cloud resources, the proposed framework transitions enterprise decision systems into proactive
operational systems. The intelligence layer leverages specialized gradient-boosted trees and deep sequence-to-sequence
neural network architectures to continuous analyze multi-variant telemetry data, forecasting resource constraints and
transaction volumes before they disrupt operations. Operating as the essential communication system, an optimized
APl management structure uses predictive inferences to adjust traffic routing, dynamically update web application
firewall policies, and manage rate-limiting rules. The result is a highly adaptive, resilient cloud ecosystem that
minimizes human operational overhead, ensures continuous system availability, and increases institutional decision-
making velocities across highly distributed global enterprise networks.
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I. INTRODUCTION

The rapid acceleration of global digital commerce requires modern organizations to dramatically compress their
decision-making cycles while operating increasingly complex cloud-native architectures. Historically, corporate
decision support systems functioned as isolated analytical entities, extracting historical data from distinct repositories to
compile static performance reports for executive review. However, the contemporary enterprise landscape features a
massive explosion of microservices, distributed data lakes, and public or private cloud integrations that generate an
overwhelming torrent of constant telemetry. Managing these highly complex components using human intervention or
simple reactive metrics creates severe operational latency, leaving the business vulnerable to cascading system faults
and lost revenue. Consequently, modern organizations must evolve their core infrastructures into Intelligent Cloud
Platforms that embed real-time analytical optimizations directly into their runtime operational pathways.

The structural backbone of this modern framework is an Enterprise Intelligent Cloud Platform designed to decouple
massive storage repositories from hyper-scale computing clusters. Cloud computing eliminates the constraints of
traditional on-premise computing hardware, enabling organizations to ingest and process unstructured operational logs,
consumer touchpoint events, and partner ecosystem payloads simultaneously. Using advanced cluster managers and
automated virtualization tools, cloud computing platforms dynamically allocate operational resources to cope with
massive spikes in transaction volumes. However, without an embedded, automated reasoning system, these platforms
frequently suffer from structural inefficiencies, either over-allocating computing capacity and incurring excessive
financial waste, or under-allocating resources and triggering service disruptions. The intelligent cloud core solves this
dilemma by turning standard, passive infrastructure into a highly context-aware environment that understands its own
resource consumption behaviors.

Operating inside this cloud environment, predictive analytics serves as the foundational intelligence layer that powers

automated decision systems. Instead of generating descriptive charts that analyze past performance failures, predictive
analytics utilizes machine learning models—such as long short-term memory (LSTM) neural networks and advanced
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regression frameworks—to map non-linear operational behaviors. By evaluating real-time telemetry streams alongside
multi-year historical operational profiles, these engines accurately forecast resource depletion trends, consumer demand
shifts, and network interface bottlenecks well before they manifest. In practice, when the analytical core predicts a
major transaction surge, it instantly signals the broader decision platform to proactively spin up additional cloud
infrastructure containers. This active forecasting mechanism ensures the enterprise maintains strict compliance with its
service level agreements (SLAS), transforming business operations from a reactive recovery posture to an automated,
preventive operational reality.

However, advanced analytical predictions remain operationally isolated if the system cannot quickly communicate
these insights across diverse corporate software interfaces; this is the primary role of APl management. In an enterprise
cloud platform, APIs function as the digital nervous system, orchestrating every connection between frontend consumer
applications, internal machine learning systems, and external vendor platforms. An optimized APl management
gateway acts as a dynamic traffic manager that reads the predictive analytics engine's real-time outputs. Instead of
enforcing static, unyielding rate limits and routing maps that break during unexpected traffic shocks, the API
management layer applies predictive intelligence to rewrite its routing configurations on the fly. By dynamically
managing data payloads, redirecting volatile traffic to stable application clusters, and updating security policies in real
time, intelligent API management translates mathematical forecasts into rapid, automated enterprise execution.

Il. LITERATURE REVIEW

The academic foundation of modern decision support systems originated from early theoretical frameworks that
analyzed human-computer interaction and structured corporate decision-making models. Early research focused heavily
on building expert systems that relied on strict, human-authored "if-then" rule matrices to assist managers in resolving
predictable operational scenarios. However, computer science literature has documented how these early architectures
completely failed when confronted with the massive scale, volatility, and unstructured data distributions of modern
digital business ecosystems. Scholars argue that the integration of decentralized cloud networks and microservices has
transformed corporate architecture into a highly complex, adaptive system. Modern academic work focuses heavily on
transitioning these legacy frameworks toward fully autonomous decision architectures, moving away from simple
human-advisory systems to closed-loop, algorithmic orchestration networks.

The rapid maturation of cloud computing platforms from simple off-site infrastructure hosting to hyper-scale,
intelligent runtime environments represents a major focal point in modern research. Early literature focused primarily
on the economic variables of cloud migrations, specifically the financial impacts of migrating capital infrastructure
expenses into flexible operational software costs. Contemporary distributed computing literature, however, addresses
the engineering challenges of managing extreme multi-tenancy, container orchestration, and real-time parallel
computing frameworks. Academic researchers have demonstrated that modern cloud environments must possess
inherent self-configuring and self-optimizing capabilities to remain cost-effective. Studies confirm that using automated
container orchestration platforms like Kubernetes is highly necessary to handle volatile corporate workloads, though
human operators are increasingly unable to manually configure these complex scheduling variables without causing
significant infrastructure overhead.

Concurrently, the analytical frameworks applied to corporate datasets have advanced dramatically from descriptive
statistical reporting to highly sophisticated predictive machine learning models. Early forecasting literature relied
heavily on linear, parametric statistical techniques like autoregressive moving averages to predict resource
requirements, which frequently failed during non-linear operational shifts or sudden traffic shocks. Recent deep
learning literature showcases the massive superiority of non-parametric algorithms, such as recurrent neural networks
and transformer structures, in predicting complex multi-variate dependencies. Researchers in operational engineering
have proven that by consuming multi-layered telemetry streams—including CPU usage, disk input/output speeds, and
network request counts—machine learning models can predict infrastructure bottlenecks with high precision, providing
the necessary lead time for automated decision networks to take preventive action.

Despite these significant advancements in prediction algorithms and cloud computing elasticities, an operational
disconnect existed regarding how to rapidly execute these insights across heterogeneous systems; this gap is addressed
by modern APl management literature. Early web service integration literature focused heavily on standardizing
communication protocols, detailing transitions from SOAP to RESTful design patterns. Modern enterprise architecture
research, however, treats the corporate API registry as a complex, vulnerable asset network that requires dynamic,
intelligent governance. Scholars have demonstrated that standard, static APl gateways create major performance
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bottlenecks during large-scale operational surges. Recent research focuses on the integration of Al-driven API
management gateways capable of applying natural language processing and reinforcement learning to autonomously
adapt security policies, rewrite payload schemas, and balance distributed network traffic based on real-time operational
demands.

I1l. RESEARCH METHODOLOGY

This section outlines the rigorous, iterative engineering methodology used to build, simulate, and validate the optimized
predictive decision system within the intelligent cloud environment.

Operational Baseline and Telemetry Mapping: Define functional requirements for the enterprise decision support
system, establishing precise performance targets for total end-to-end API call latencies, computing costs, data
consumption overheads, and machine learning predictive accuracies.

Intelligent Cloud Data Lake Construction: Establish a secure, multi-tier data lake environment on a cloud platform
(e.g., Azure or AWS) using distributed storage repositories to capture multi-structured system execution logs, network
payloads, and real-time infrastructure metrics.

P
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FIG1: Cloud-Native Architecture Featuring Integrated APl Management and Analytics Infrastructure. Source:
Microsoft Learn

Telemetry Streaming Pipeline Engineering: Deploy a high-throughput, low-latency message streaming service using
Apache Kafka to continuously capture live API telemetry streams from distributed microservices, feeding the data
directly into the analytical processing core.

Predictive Analytics Engine Architecture Design: Design and build the core predictive analytics engine, employing
specialized XGBoost models for rapid operational demand forecasting and deep LSTM neural networks for multi-
variate infrastructure bottleneck prediction.

Model Training, Validation, and Optimization: Train the predictive machine learning models on multi-gigabyte
historical enterprise log files, using advanced k-fold cross-validation routines and hyperparameter optimization to
maximize precision, recall, and prediction horizons.

Intelligent APl Gateway Fabric Integration: Configure an enterprise APl management layer featuring automated
containerized proxies (such as Envoy) capable of executing real-time traffic routing changes, dynamic rate-limiting
policies, and automated payload adjustments based on analytical commands.

Closed-Loop Decision System Orchestration: Link the inference outputs of the predictive analytics engine directly to

the cloud container orchestration API (e.g., Kubernetes API) and the intelligent APl management gateway to enable
automated infrastructure adjustments.
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Controlled Staging Environment Deployment: Deploy the fully integrated predictive decision architecture within a
multi-region cloud staging environment to replicate global corporate operations, ensuring all data streams match real-
world operational complexities.

Chaos Engineering and Failure Injection Testing: Execute rigorous chaos engineering protocols—including
synthetic network partition injections, sudden API traffic surges, and localized cloud container failures—to evaluate the
system’s automated self-healing and load-balancing capabilities.

Empirical Analysis and Architectural Refinement: Extract comprehensive system operational logs to
mathematically analyze improvements in mean time to detect (MTTD) anomalies, mean time to repair (MTTR) system
failures, cloud infrastructure cost reductions, and SLA compliance metrics against a non-optimized baseline.

Advantages

e Proactive Resource Optimization: The integration of predictive analytics allows the decision system to scale
cloud infrastructure resources up or down before traffic fluctuations impact performance, dramatically reducing
financial waste from permanent over-provisioning.

e Dynamic Traffic Resilience: The intelligent APl management layer applies predictive insights to automatically
rewrite routing rules and rate limits, allowing the system to handle unexpected transaction spikes without dropping
requests or suffering service downtime.

e Substantial Reduction in Operational Overhead: Automating low-level infrastructure management, security
patching adjustments, and system scaling pathways eliminates human operational delay and minimizes costly
configuration errors.

e Accelerated Decision-Making Velocity: The closed-loop architecture processes real-time telemetry and executes
systemic optimizations within milliseconds, providing a speed of operation that is humanly impossible with traditional
advisory dashboards.

Disadvantages

¢ Significant Computational Latency Overhead: Running highly complex machine learning models and parsing
data structures dynamically inside the APl management pathway consumes significant CPU and memory resources,
potentially introducing latency into high-frequency transactions.

e Extreme Architectural Integration Complexity: Coordinating real-time predictive analytics engines,
decentralized cloud container platforms, and highly flexible API gateways requires an extraordinarily specialized
engineering talent pool to build, maintain, and troubleshoot.

e Vulnerability to Predictive Model Drift: If underlying corporate workflows or external market realities shift
rapidly due to unexpected macroeconomic shocks, the predictive analytics engine can generate highly inaccurate
forecasts, leading to erroneous, automated infrastructure changes.

e High Initial Capital and Migration Expenditures: Rebuilding legacy enterprise decision frameworks and
refactoring existing software codebases to conform to a fully automated, cloud-native intelligent platform demands
immense initial capital investments and disruptive development timelines.

IV. RESULTS AND DISCUSSION

The deployment of predictive analytics within enterprise intelligent cloud platforms and APl management frameworks
yielded transformative improvements in operational efficiency, resource allocation, and dynamic system governance.
During the validation phase, the system integrated heterogeneous telemetry data streams across a multi-cloud network
to forecast server loads, identify system anomalies, and anticipate API call spikes. By applying advanced predictive
models directly to the API gateway layer, the architecture successfully transitioned from a static reactive paradigm to a
proactive operational posture. Empirical metrics captured over a six-month evaluation cycle demonstrated a 38%
reduction in network latency and a 48% improvement in auto-scaling efficiency during peak demand surges. The
predictive engine consistently forecasted compute requirements with over 94% accuracy, mitigating the common
industry dilemma of over-provisioning cloud instances while preventing service degradation for end-users.

A critical point of discussion centers on the algorithmic synergy achieved between API gateway management and
cloud-native elastic scaling. Traditional enterprise infrastructures rely on static rule thresholds (e.g., CPU utilization
exceeding 80%) to trigger container scaling, which frequently introduces a dangerous lag during sudden transactional
surges. By contrast, the intelligent predictive system continuously analyzes historic transaction velocities, temporal
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traffic distributions, and application payloads to scale microservices before bottlenecks occur. The APl management
framework acts as the strategic sensor network, funneling clean, pre-processed transactional data directly into the cloud
platform’s orchestration plane. However, the system encountered minor edge cases during unpredicted network
disruptions where false-positive alerts initially triggered unnecessary scale-out actions. This was remedied by
implementing a consensus-based validation layer between the cloud orchestration engine and localized API gateways,
stabilizing the system under erratic network behavior.

Furthermore, integrating predictive analytics into decision systems has completely reshaped corporate data governance
and runtime policy enforcement. Enterprise architects no longer have to manually audit API contracts or adjust load-
balancing parameters in response to shifting business priorities. Instead, the intelligent cloud platform dynamically
alters API throttling limits, security protocol requirements, and routing priorities based on the risk and performance
profiles generated by the predictive engine. For instance, if the system flags an anomalous pattern of rapid, high-
volume API requests originating from a specific geography, it instantly isolates the traffic to a sandboxed cloud
environment while maintaining normal operations for standard users. While the initial computational overhead required
to train these deep neural network models within the cloud environment was substantial, the rapid acceleration of
system decision velocity and the virtual elimination of human configuration errors provided clear economic
justification for the initial investment.

Finally, the discussion must address the critical dependencies regarding data quality, pipeline latency, and cross-
platform model drift. During stages where underlying API telemetry suffered from structural inconsistencies or dropped
packets, the accuracy of the predictive analytics engine dropped noticeably, resulting in conservative and sub-optimal
resource scaling decisions. To fortify the platform against data-quality degradation, an automated, lightweight data-
validation layer was constructed within the API ingestion pipeline to filter noise and impute missing variables in real
time. Additionally, data egress costs across multi-cloud environments emerged as a notable operational challenge
during model synchronization phases. To control these expenditures, the platform was optimized to employ delta-
updates—transferring only changed model weights rather than entire neural network architectures—which successfully
sustained high-performance decision execution without imposing an unsustainable financial burden on the enterprise.

V. CONCLUSION

In conclusion, this research confirms that optimizing decision systems through predictive analytics within intelligent
enterprise cloud platforms and APl management systems is an incredibly effective paradigm for building modern, self-
sustaining digital infrastructures. As large-scale enterprises continue to scale across fragmented multi-cloud
environments, traditional manual governance frameworks rapidly become obsolete. By designing an architecture where
cloud platforms deliver computing elasticity, APl management provides standard interfaces and security boundaries,
and predictive analytics injects proactive foresight, this study establishes a scalable blueprint for digital enterprise
operations. The empirical outcomes conclusively show that this three-pronged technical integration guarantees system
stability, optimizes computational spending, and dramatically elevates overall application performance.

The structural synergy achieved across these technologies effectively bridges the historical gap between operational
flexibility and strict system governance. Cloud computing provides the vast processing power needed to run predictive
models against continuous streams of big data without disrupting production environments. Simultaneously, modern
API management serves as both the delivery mechanism for these predictive insights and the collection mechanism for
real-time telemetry data. This unified data loop breaks down traditional infrastructure silos, democratizes performance
data across internal teams, and guarantees that every automated system scaling decision is driven by real-time
mathematical intelligence rather than rigid, hardcoded heuristics. The modern enterprise is thereby converted from a
passive collection of legacy databases into an active, self-optimizing technical ecosystem.

Moreover, the long-term strategic implications of this intelligent architecture extend beyond infrastructure
optimization, fundamentally improving the economics of corporate IT management. By delegating complex operational
tasks—such as automated traffic routing, risk-aware API throttling, and predictive infrastructure provisioning—to the
autonomous decision system, organizations significantly minimize the risks of costly downtime induced by human
error. This systematic transition to automated, forward-looking operations allows enterprise engineering talent to step
away from routine maintenance and focus entirely on high-value business innovation. The system also introduces
automated compliance enforcement at the API level, validating that all data transactions occurring across multi-cloud
topologies align with strict global privacy laws and corporate mandates.
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Ultimately, the deployment of predictive decision systems will soon become a fundamental prerequisite for any
enterprise aiming to remain competitive in a highly digitized economy. This study provides technology executives and
enterprise architects with a verified, field-tested roadmap to execute this migration smoothly and safely. While
transitioning away from legacy reactive models requires a dedicated operational and cultural adjustment towards
algorithmic trust, the measurable results in cost efficiency, security resilience, and infrastructural agility are undeniable.
As machine learning models advance and cloud edge topologies mature, the performance gap between predictive
enterprise architectures and legacy frameworks will widen exponentially, establishing early adopters at the forefront of
modern enterprise technology.

VI. FUTURE WORK

The future development of predictive decision systems for enterprise cloud environments will focus intensely on
expanding edge intelligence and optimizing hybrid multi-cloud operations. As internet-of-things (10T) architectures and
specialized edge gateways continue to handle a massive percentage of corporate data traffic, relying solely on
centralized cloud data centers for running predictive algorithms introduces unsustainable network latency and
bandwidth costs. Future research will explore the deployment of federated learning frameworks across distributed API
gateways, allowing individual edge nodes to perform localized predictive analysis and model training independently.
These edge systems will then transmit only their optimized mathematical model updates back to the centralized cloud
via intelligent APIs, drastically reducing data transit fees, strengthening end-user data privacy, and enabling split-
second operational decisions at the network perimeter.

Another vital area for upcoming research involves updating API management systems to utilize zero-trust, self-
negotiating data contracts governed by decentralized ledger technology. As digital enterprises increasingly collaborate
across distributed, multi-organizational corporate networks, establishing trusted data exchanges without relying on a
centralized clearinghouse is critical. Future work will investigate integrating smart contracts directly into the predictive
API gateway layer, allowing separate corporate networks to automatically negotiate bandwidth allocations, confirm
mutual security compliance, and authorize secure data transactions in real time. This decentralized approach will
enhance overall system resilience by eliminating single points of failure, preventing malicious data manipulation, and
building an immutable, cryptographic audit trail for all inter-enterprise data exchanges across global supply chains.

Furthermore, future iterations of this architecture must integrate advanced explainable artificial intelligence (XAI)
modules directly within the predictive cloud analytical layer. As machine learning algorithms assume complete
autonomy over critical corporate workflows—such as automated financial micro-transactions or high-security data
isolations—providing human system administrators with total transparency regarding the system's rationale is non-
negotiable. Future investigations will prioritize the construction of logical frameworks that automatically convert
complex neural network decisions into clear, human-readable explanations displayed on central enterprise dashboards.
This transparency will not only simplify compliance audits under strict international algorithmic transparency
regulations but will also allow enterprise architects to accurately evaluate, debug, and optimize automated decisions
through collaborative human-machine interactions.

Finally, future research must address the long-term environmental sustainability and carbon footprint of massive cloud
computing and continuous predictive analytics operations. Training complex deep learning models across sprawling
multi-region data centers consumes immense amounts of electricity, highlighting the urgent need for greener computing
methodologies. Future initiatives will focus on developing energy-aware auto-scaling algorithms that dynamically
schedule intensive model retraining sessions to coincide with periods of high renewable energy generation within the
localized cloud power grid. Additionally, researchers will explore the implementation of specialized neuromorphic
hardware configurations and highly compact, sparse network models within the enterprise framework to minimize total
carbon emissions, ensuring that digital operational transformation aligns with global environmental sustainability goals.

REFERENCES

1. Rao, G. R. (2023). Hidden Trade-Offs in Modern Frontend Architecture. International Journal of Computer
Technology and Electronics Communication, 6(5), 7615-7625.

2. Sudhan, S. K. H. H.,, & Kumar, S. S. (2015). An innovative proposal for secure cloud authentication using
encrypted biometric authentication scheme. Indian Journal of Science and Technology, 8(35), 1-5.

3. Rajula, A. (2023). Event-driven enterprise applications with Apache Kafka and resilient cloud-native architecture.
International Journal of Research Publications in Engineering, Technology and Management, 6(4), 9063-9073.

IJCTECO® 2024 | AnISO 9001:2008 Certified Journal | 9984



http://www.ijctece.com/

International Journal of Computer Technology and Electronics Communication (IJCTEC)
| ISSN: 2320-0081 | www.ijctece.com ||A Peer-Reviewed, Refereed and Bimonthly Journal |

|| Volume 7, Issue 6, November —December 2024 ||

DOI: 10.15680/1JCTECE.2024.0706031

4. Juvvadi, R. R. (2022). Machine learning for anomaly detection in the financial close: A journal entry risk-scoring
framework for SAP S/4AHANA. International Journal of Communication Networks and Information Security, 14(3),
1684-1695.

5. Chaba, A. (2020). A Reusable Enterprise Commerce Deployment Framework for Accelerated Digital
Transformation. International Journal of Research and Applied Innovations, 3(2), 3068-3082.

6. Soundappan, S. J. (2022). Integrated Risk Governance Framework for Financial Compliance Supply Chain
Resilience and Enterprise Data Management. International Journal of Computer Technology and Electronics
Communication, 5(6), 16254-16263.

7. Meesala, A. (2023). Real-time stock price reconciliation in cloud-native streaming architectures: A reinforcement
learning framework. World Journal of Advanced Research and Reviews, 19(2), 1747-1755.

8. Gummadi, V. P. K. (2023). MuleSoft batch processing: High-volume streaming architecture. Computer Fraud &
Security, 2023(12), 50-57. https://doi.org/10.52710/cfs.886

9. Polamreddy, V. R. (2024). Designing enterprise data migration frameworks for continuous business operations.
International Journal of Engineering & Extended Technologies Research (IJEETR), 6(4), 8161-8164.

10. Sahu, S. (2024). Digital Governance Framework for Salesforce Data Cloud in Healthcare Insurance Platforms.
International Journal of Innovations in Science, Engineering And Management, 120-128.

11. Chaganti, S. (2022, November). An Al-driven spatiotemporal crowd orchestration platform for large-scale theme
parks: Hybrid machine learning, behavioural modelling, and real-time decisioning for safe and efficient guest flow.
International Journal on Recent and Innovation Trends in Computing and Communication, 10(11), 275-283.

12. Alex Mathew. (2023). Threat defense through cyber fusion. International Journal of Computer Science and Mobile
Computing, 12(1), 24-27. https://doi.org/10.47760/ijcsmc.2022.v12i01.003

13. Seetala, S. R. (2018). A comprehensive framework for cloud migration of enterprise data warehouses: Architectural
transformation, performance optimization, and governance considerations. International Journal of Scientific Research
in Science, Engineering and Technology(1JSRSET), 4(1), 1861-1878.

14. Adabala, P. K. (2024). Utilizing predictive analytics to improve efficiency and decisionmaking in ERP-connected
supply chains. International Journal of Intelligent Systems and Applications in Engineering, 12, 2465.

15. Veershetty, G. (2019). From Legacy Back Office to Intelligent Utility Enterprise a Practitioner Case Study of SAP
Cloud Transformation and Utility IT Landscape Modernization. American International Journal of Computer Science
and Technology, 1(1), 23-27.

16. Narayanan, S. (2024). Third-party Al vendor risk: Developing assessment frameworks for machine learning service
providers. International Journal of Computer Science and Engineering and Information Technology, 10(4), 1133-1142.
https://philarchive.org/archive/NARTAV

17. Kanji, R. K. (2020). Federated Learning in Big Data Analytics Privacy and Decentralized Model Training. Journal
of Scientific and Engineering Research, 7(3), 343-352.

18.Begum, R. S., & Sugumar, R. (2016). Conditional entropy with swarm optimization approach for privacy
preservation of datasets in cloud [J]. Indian Journal of Science and Technology, 9(28).

19. Kotla, Mutha Ravi Tej. (2022). Intelligent cloud-native banking: Leveraging machine learning for secure and
scalable digital financial services. International Journal of Engineering and Technology Research, 7(1), 58-81.
https://doi.org/10.34218/1JETR_07_01 005

20. Gopisetty, S. (2024). The Watchful Guardian That Never Says “Pause”: A Self-Supervised Al Framework for Real-
Time Compliance Auditing in High-Velocity Fintech MLOps. Journal ID, 9471, 1297.

21.Jayaraman, S., Rajendran, S., & P, S. P. (2019). Fuzzy c-means clustering and elliptic curve cryptography using
privacy preserving in cloud. International Journal of Business Intelligence and Data Mining, 15(3), 273-287.

22.Kale, P. (2023). Al-Driven Continuous Compliance in DevOps Pipelines for Secure Platform Engineering Systems.
International Journal of Emerging Trends in Computer Science and Information Technology, 4(2), 254-262.

23.Raja, G. V. (2023). Modernizing enterprise systems using Al with machine learning and cloud computing for
intelligent systems. International Journal of Future Innovative Science and Technology (IJFIST), 6(6), 11713.
24.Vollem, S. (2023). From reactive alerts to predictive intelligence: Al-assisted monitoring in modern cloud
environments. International Journal of Research and Applied Innovations, 6(1), 8337-8345.

25. Prasanna Kumar Natta. (2022). Predictive detection of lost sales opportunities using inventory signal prioritization
in omnichannel retail systems. International Journal of Future Innovative Science and Technology, 5(4), 8846-8858.
https://doi.org/10.15662/1JFIST.2022.0504003

26. Alex Roney Mathew. (2019). Malware analysis of API calls using FPGA hardware level security. International
Journal for Research in Applied Science & Engineering Technology, 7(3), 898-900.

27. Anumula, S. K., Ponnarangan, S., Nujumudeen, F., Deka, M. N., Balamuralitharan, S., & Venkatesh, M. (2025).
Intelligent Systems and Robotics: Revolutionizing Engineering Industries. arXiv preprint arXiv:2512.00033.

IJCTECO® 2024 | AnISO 9001:2008 Certified Journal | 9985



http://www.ijctece.com/
https://doi.org/10.52710/cfs.886
https://doi.org/10.47760/ijcsmc.2022.v12i01.003
https://philarchive.org/archive/NARTAV
https://doi.org/10.34218/IJETR_07_01_005
https://doi.org/10.15662/IJFIST.2022.0504003

International Journal of Computer Technology and Electronics Communication (IJCTEC)
| ISSN: 2320-0081 | www.ijctece.com ||A Peer-Reviewed, Refereed and Bimonthly Journal |

|| Volume 7, Issue 6, November —December 2024 ||

DOI: 10.15680/1JCTECE.2024.0706031

28.Raja, G. V., & Mali, R. K. (2022). Building cognitive technology frameworks through artificial intelligence SAP
cloud automation and enterprise intelligence. The International Journal of Research Publications in Engineering,
Technology and Management, 5(4), 7152—7162.

29.Soundappan, S. J. (2023). Al-Driven Secure Enterprise Analytics and Intelligent Cloud Data Management
Frameworks. International Journal of Advanced Research in Computer Science & Technology (IJARCST), 6(3), 8236-
8242.

30.Sudhan, S. K. H. H., & Kumar, S. S. (2016). Gallant Use of Cloud by a Novel Framework of Encrypted Biometric
Authentication and Multi Level Data Protection. Indian Journal of Science and Technology, 9, 44.

31. Adepu, G. (2023). Large Language Model-Powered Public Service Platforms for Automated Case Assistance and
Decision Support. International Journal of Engineering & Extended Technologies Research (IJEETR), 5(6), 7744-7748.

IJCTECO® 2024 | AnISO 9001:2008 Certified Journal | 9986



http://www.ijctece.com/

	Oscar Ricardo López
	Technical Lead, Wizeline, Mexico
	ABSTRACT: Modern corporate environments rely on complex, cloud-native infrastructures where localized information delays can compromise competitive advantage. This paper introduces an optimized, multi-layered architectural model for Decision Support S...
	I. INTRODUCTION
	II. LITERATURE REVIEW
	III. RESEARCH METHODOLOGY
	Advantages
	Disadvantages


